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Application of Data-driven Models for Process Control and Operational Action Recommendations
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Abstract

Due to progress in information technology and artificial intelligence, initiatives to utilize the large
amount of accumulated operational data are progressing in the steel industry. In the steel
manufacturing process, process control has been implemented by applying physical models
developed based on principles to produce high-quality products. In process control, it is necessary
to perform model calculations within a practical calculation time. However, there are problems
such as the long computation time required to calculate the exact physical model and some control
objects are difficult to build models based on principles. Therefore, improvement of the control
accuracy and stabilization of operations by utilizing operational data are highly anticipated. This
article introduces technologies and application examples of data-driven models based on operational
data developed to realize high accuracy process control and advanced operational action

recommendations.
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